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3.0s 785 10.2512.25 1425 16.9519.65 22.0s 25.1s 28.4s 31.0s33.3s 35.2s Video Length - 39s,

uesﬁonﬁ Input
(L4

How many actions does the person perform? Think before answering,

4 4 % + generate your reasoning process and answer enclosed in <think>...</think>
AN NN NEEEEEEEEEEEEEEEEEEEEEEEEEEE I GTETE oo TR
Video Frames Bt
Output
'<think> <think>
The video shows a shirtless man outdoors on a rubber exercise surface Scene = The video shows a shirtless man performing sit-ups outdoors on a G
performing sit ups with knees bent and feet braced under a curved bar. J perception rubberized playground surface. He is lying on his back with knees perception
One complete sit up is counted when he starts from the lowered position 3 bent, feet anchored, and hands crossed over his chest.
with back near the ground, rises to the upright/top position, and returns :cﬂ'ch\A A complete "sit up" is defined as moving from the supine position | , i 0
efinition
back down to the lowered position. (lying flat) to a seated position where the torso is upright, then Definition
Tracking each repetition: returning to the starting supine position — one full cycle.
repl: 0.0s-2.1s, rep2: 2.1s-4.0s, rep3: 4.0s-6.0s, Let's track each repetition:
rep4: 6.0s-7.8s, rep5: 7.8s-9.6s, rep6: 9.6s-11.5s First rep: starts ~7s, ends ~11s, Second: ~12s-15s, Third: ~16s-19s,
. County Fourth: ~20s-23s, Fifth: ~24s-27s, Sixth: ~28s-31s, Seventh: ~32s-35s, | count X
rep30: 53.05-54.8s, rep31: 54.85-56.6s, rep32: 56.6s-58.4s Reasoning Eighth: ~36s-39s, Ninth: ~40s-43s, Tenth: ~44s-47s, Eleventh: ~48s-51s, | Reasoning
rep33: 58.4s-60.2s, rep34: 60.2s-62.0s, rep35: 62.0s-63.8s, Twelfth: ~52s-55s, Thirteenth: ~56s-59s, Fourteenth: ~60s-63s,
Total count: 35. Fifteenth: ~64s-67s, Sixteenth: ~68s-71s,
</think> @ </think> @
<answer> Count Result: 35 </answer> Wrong Answer! »{ GPT-5.4 <answer> Count Result: 16 </answer> Wrong Answer! Y QWCYI3-VL-P|US
—4 S 4 '
0 N
<think> <think>
The video shows a man performing sit-ups in an outdoor park setting. He Scene - The video shows a shirtless man wearing headphones, outdoors on a rubber scene
is shirtless and wearing shorts, with his feet anchored under a bar. perception exercise surface, performing sit-ups. He keeps his knees bent and perczptio
A complete repetition is defined as starting from a seated upright epectedivllitisiandilowerslhisluppenibodvicsipagijofihelexercices
position, lowering the torso backward until the back is near the ground, “ﬁ_"'." Eachlspleonsit=lofilvinalietonlthelbackiuithiinesslbentiandiisey Action
and then lifting the torso back up to the initial seated position. Definition secured under an object, then lifting the upper body toward the thighs by NP v
Tracking each repetition: contracting abdominal muscles before returning fo the starting position.
Repl: 00:02-00:04, Rep2: 00:04-00:06, Rep3: 00:06-00:08, Tracking each repetition:
Repé4: 00:08-00:10, Rep5: 00:10-00:12, Rep6: 00:12-14, Count S B/, GO U, GEE (D=,
The video cuts away immediately after the 6th repetition is completed. | Reasoning reps 12.25-14 .45, repd: 14.4s-16.75, rep6: 16.75°19.25 | count
Total count: 6. rep7: 19.2s-21.9s, rep8: 21.9s5-24.7s, rep9: 24.7s-28.4s, Reasoning
</think> rep10: 31.0s-33.4s, repll: 33.4s-35.4s,
. . || Total count: 11.
<answer> Count Result: 6 </answer>  Wrong Answer! * Gemini Jhinks -
3.0 pro <answer> Count Result: 11 </answer> Correct Answer! AC:OREP_)RI
urs

ﬁ/ VAN

38 ActRep-Rl LB 70774 %Y LLM OFEMHIE. ActRep-R1 IZBFERIHERIC &
DAV T4V TDERT Yy TRIRUIE#ERZRTHEZHAT 20168, A TS
A4 L2 Y LLM SRR RIS 2 R EFRA Y > M2 HA2D 5.

LT 5.
5. BHDOI

. e \ = s

AT, MLLM CHEECHER E 208 LI Ror o oo
N _ _ : [1] Bali, S., Cai, Y., Chen, R., Chen, K., Chen, X., Cheng,
E%ﬁf@‘ﬂ:j—é_RAc JV—hY ? ACtR\EP R %*Eﬁ Z., Deng, L., Ding, W., Gao, C., Ge, C., Ge, W., Guo,
L7-. addbiEEmEic ka2 v o740 v 70y 722 Z., Huang, Q., Huang, J., Huang, F., Hui, B., Jiang, S.,
5%, RCSICX 5 Y PO DRE, > HER L 2 T N L N L, i, 2 i, T it 2 L,
. . _ R ~ ., Liu, C., Liu, Y., Liu, D., Liu, S., Lu, D., Luo, R., Lv,
A 70 v R &5 GRPO @ 3 DOFRZMAL, C., Men, R., Meng, L., Ren, X., Ren, X., Song, S., Sun,
WO RAC Ry F~— 2 CHFFiE % LI 2 Rk % Y., Tang, J., Tu, J., Wan, J., Wang, P., Wang, P., Wang,

i%ﬁibf: g}ﬂ@ﬂ%ﬁ?ﬁ@l}%* w ]\ 17__7 %%\gt‘ﬂ_jﬁ 7}‘1 Q., Wang, Y.7 Xie, ’T‘7 Xu, Y., Xu, H., Xu, J., Yang, Z.7
- . . ’ Yang, M., Yang, J., Yang, A., Yu, B., Zhang, F., Zhang,
A MLLM O AT RAC 2 EfEEICHIRATRECTH B Z L & H., Zhang, X., Zheng, B., Zhong, H., Zhou, J., Zhou,

EIFL. F., Zhou, J., Zhu, Y. and Zhu, K.: Qwen3-VL Technical
y , . Report, arXiv preprint arXiv:2511.21631 (2025).
AHFIIMBIEOHRTD D, 5 RIS SRR O 2] Ba? S., Chen f{ pLiu X., Wang, J., Ge \(N S)ong S.
BEMEET 27 7L —2a vER, KDEHRT -2ty Dang, K., Wang, P., Wang, S., Tang, J., Zhong, H., Zhu,
N COPALMERESE, 3B & OO ER D 2. N Y., Yang, M., Li, Z., Wan, J., Wang, P., Ding, W., Fu,
N PULAERERTY ~ RAEH Efﬁ = . 1 Z.,Xu, Y., Ye, J., Zhang, X., Xie, T., Cheng, Z., Zhang,
AT, REEEHS 7 2 MR 7 — ) ¥ 770 ¥ OREREIRIR H., Yang, Z., Xu, H. and Lin, J.: Qwen2.5-VL Technical

Report, arXiv preprint arXiv:2502.13928 (2025).
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