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#F 1 ConvNeXtPose ¥ OJE & HL#

Model P2 MPJPE (mm) | MACs (G) | Params (M) | GPU (FP16) (ms) |
w/ GT absolute root joint depth

ConvNeXtPose-XS [13] 56.6 0.82 3.53 25.99 4+ 0.39

ConvNeXtPose-S [13] 51.8 1.76 7.44 31.73 £ 0.41

ConvNeXtPose-M [13] 51.05 2.82 7.59 2104.88 +10.93

ConvNeXtPose-L [13] 49.75 4.30 8.38 2151.13 + 8.76

PocketSTPose (Ours) 49.93 1.02 10.69 13.49 £ 0.02
w/o GT absolute root joint depth

PocketSTPose (Ours) 50.39 1.09 11.64 14.57 + 0.02
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