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[5] Sasan Sharifipour et al. "APML: adaptive probabilistic matching loss for robust 3d point cloud reconstruction." NeurlPS, 2025.
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QCD, EMDTODLL#
1 : ShapeNetlcHSTBBFFEEDESFHE (CD/EMD, &x100, 7% : RRfE, T#H : X=)

Chamfer Distance (x100) | Eearth Mover's Distance (x100) |

Car Chair Air AvVE. Car Chair Air Avg.

Self-Sup. (2020) 548 1091 711 7.11 | 495 14.93 11.07 10.31
DIFFER (2019) 6.35 9.78 5.67 7.27 | 6.03 16.21 99 10.71
ULSP (2018) 5.4 972 591 7.01 | 478 10.18 7.66 7.54

RGB2point (2025) 4.22 5.43 2.7 433 | 5.63 953 6.86 7.83
PC2(2s6-NFE) (2023) | 495 56 3.37 4.84 | 469 536 4.27 484
BDM (276-NFE) (2024)| 5.12 5.02 3.12 464 | 425 453 3.92 4.28
Ours (1-NFE) 422 429 276 3.92 | 382 429 304 3.82
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1 : ShapeNetlcHSTBBFFEEDESFHE (CD/EMD, &x100, 7% : RRfE, T#H : X=)

Chamfer Distance (x100) | Eearth Mover's Distance (x100) |
Car Chair Air AvVE. Car Chair Air Avg.
Self-Sup. (2020) 548 1091 711 7.11 | 495 1493 11.07 10.31
DIFFER (2019) 6.35 9.78 567 7.27 | 6.03 16.21 99 10.71
ULSP (2018) 5.4 972 591 701 | 478 1018 7.66 7.54
RGB2point (2025) 4.22 5.43 2.7 4.33 63 953 6.86 7.83
PC2(256-NFE) (2023) | 4.95 56  3.37 484 | 4. 5.36 4.27 4.84
BDM (276-NFE) (2024)] 5.12 5.02 3.12 4.64 | 4. 453 392 4.28
Ours (1-NFE) 422 429 2.16 3.92 % 429 3.04 3.82 :

> BFFEEAECDTH9.5%, EMDT#11% tE>7/=. =-9.4% -“11%




EhR : =T (Pix3D)

Q CD, EMDTOLB
1 : Pix3DICBIFBEEFELDFESEHE (CD/EMD, &x100, KF : RR{E, T : RM)

Chamfer Distance (x100) | Earth Mover's Distance (x100) |

Chair Sofa Table AVE. Chair Sofa Table AVE.
PC2(256-NFE) (2023) 7.07 587 11.39 7.8 | 7.13 6.14 10.72 17.75

BDM (276-NFE) (2024) | 6.62 555 835 7.12 | 7.05 498 8.79 1.12
RGB2point (2025) 6.62 5.4 9.7 7.06 | 9.34 7.11 12.69 9.59
Ours (1-NFE) 6.48 5.02 8.2 6.53 | 6.74 5.06 7.94 6.61

> BIFEFEZCD C#7.5%, EMDCT#J7.1%_t[o]o /=.
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Chamfer Distance (x100) | Earth Mover's Distance (x100) |

Chair Sofa Table AVE. Chair Sofa Table AVE.
PC2(256-NFE) (2023) 7.07 587 11.39 7.8 | 7.13 6.14 10.72 17.75

BDM (276-NFE) (2024) | 6.62 555 835 7.12 | 7.05 498 8.79 1.12

RGB2point (2025) 6.62 5.4 9.7 7.06 711 1269 9.59
Ours (1-NFE) 6.48 5.02 8.2 6.53 id 506 7.94 6.61
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R2 : #EERIEE EVRAME — D ERE DL

Time [ms/sample] VRAM [GiB] CD (x100) | EMD (x100) |

PC2(256-NFE) 22000 = 200 1.73 4.84 4.84
BDM (276-NFE) 28000 + 200 1.97 4.64 4.28
RGB2point 28.39 + 2.18 0.818 4.33 7.83
Ours (1-NFE) 63.45 + 0.25 1.282 3.92 3.82
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» AdamW / ZEX1e-4 / )\ F128 / 120k step
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> B> U > HEEulark (2o =z — (t — 0) up (x4, ¢, 0, ¢)
> HASF AR —)UIdw = 1.0,k = 0.5

QA FIREEFEOEME : w/oldIREBZIRE

Chamfer Distance (x100) | Earth Mover's Distance (x100) |

(0F:1¢ Chair Avg. (0F:1¢ Chair Avg.
Ours (1-NFE) 4.22 4.29 3.92 3.82 4.29 3.82
Ours (1-NFE, w/o Adapter) 4.58 4.29 4.12 4.02 4.62 4.13
Ours (1-NFE, w/0 GNA) 5.21 6.16 5.23 4.89 6.08 5.16
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