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Method ‘ Backbone ‘ Recall@20  Recall@50  Recall@100 | mRecall@20  mRecall@50  mRecall@100  PQ
Two-stage
IMP [16] ResNet-50 16.5 18.2 18.6 6.5 7.1 7.2 40.2
MOTIFS [20] ResNet-50 20.0 21.7 22.0 9.1 9.6 9.7 40.2
VCTree [12] ResNet-50 20.6 22.1 22.5 9.7 10.2 10.2 40.2
GPSNet [9] ResNet-50 17.8 19.6 20.1 7.0 7.5 7.7 40.2
One-stage
PSGTR [18] ResNet-50 28.4 34.4 36.3 16.6 20.8 22.1 13.9
PSGFormer [18] ResNet-50 18.0 19.6 20.1 14.8 17.0 17.6 36.8
PairNet? [15] ResNet-50 29.6 35.6 39.6 24.7 28.5 30.6 -
HiLot [21] ResNet-50 34.1 40.7 43.0 23.7 30.3 33.1 41.6
CATQ [17] ResNet-50 34.8 39.7 40.3 20.9 24.9 25.2 35.9
CATQ+(3REFE) | ResNet-50 33.4 40.0 40.5 22.5(+1.6) 30.0(+5.1) 31.0(+5.8) 40.7
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CATQ+ 20.0 31.1 34.1 Relation 22.5 30.0 31.0
pairNet[15] 24.7 28.5 30.6 Object pair (1) 20.9 26.52 28.44
x 2 HAHLIROTER Object pair (2) 20.0 24.1 25.8
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fext 20.4 24.1 24.4 1 204 241 244
w/o text 21.7 26.8 27.0 10 20.7 272 28.1
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