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What unintentional happenings occurred
immediately after the man swung the golf 8
club?
N After the man swung the golf club, he
= accidentally hit a golf ball into a hole in the
Video-ChatGPT - sand.
’4"@;‘5 Yes, the man swung the golf club and
\ Act-ChatGPT immediately fell to the ground. Y
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Can you describe the video in detail? g

Yes, the video shows a young boy
S performing a handstand on a balance beam.
5 He is seen walking on the beam and then
Video-ChatGPT ~ Performing a handstand on the beam.

The video shows a young boy performing
gymnastics on a set of parallel bars. He is
able to balance on the bars with ease and
skill. The video is shot in a gym setting, and
the boy appears to be practicing his

S e
\ Act-ChatGPT gymnastics skills. Y
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nTBhH, LUFTREHIZ D GPT-3512Xk3%2a7d
EEERET 5,
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HEFHEL N—2TH 3 Video-ChatGPT [13] DE R
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LTW3, fR2FEE L THOIEHET Video-ChatGPT %
LEIZHERE ol £, BEFREEI T —2LETH
WTWREWEAETH->TdD, Consistency < 4 JHH
T Video-ChatGPT % E[El - TE b, EfERHEDEA
12 & D IEREMEZR ¥ OTH T Video-LLM DS EREE D YE S
B EAREN, M3, R4, K51% Act-ChatGPT &

£ 1 GPT-3.51C & 2 FHlliDiE R
CIt+ DOt CUt TUt Cf

Video-ChatGPT 2.41 2.59 3.00 2.07 2.19
Act-ChatGPT (w/o Expand) 248 263 3.11 2.13 2.07
Act-ChatGPT 2.57 2.69 3.17 2.24 2.32

Video-ChatGPT OEMM R LIREZRLTW5, X3, K4
& D, Act-ChatGPT EHEDREFR/Z T <, BIfERZUC
BB 5T 2R DFEFKICE VT D Video-ChatGPT
POINEERELTWE IR bhb, TDLEDYED
RIS B 2UEEIX, KRB SEE T A MR 32
72 5 RIS CEIMERMI R R T A Zic kb, B RAE

Ve

™
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Where is this video taken? What
place/landmark is shown in the video? 3

N

5 The video is taken at the Statue of Liberty
Video-CbhatGPT in New York City.
The video is taken in New York City,
\_Act-ChatGPT specifically at the Statue of Liberty.
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T 2B ER  MFEROEL L TOREEEE
B2 eDAREICR 2Tz ICLBbD IS,
%72, ®5 &0, Act-ChatGPT 1% Video-ChatGPT TH
L NIEE ORI T 23R EE N MR LT b Z el
bbb,

4.3 7IL—>a R

# 21X Act-ChatGPT % 2 BXfEHDEEH D ATHEE L7
BAERUHRLIY a—X—DR DA ERWIZIGEOER
R LR TH 5, 7238, (w/o Stagel) IF 2 EFEH OFEEH D
ATEBLIGAERERL, (w/o Image) IZEIEZME TV
DHEHCTEGE %, (w/o Action) XERSFEET LD
ArHVWHEE ZhETNERT, Act-ChatGPT T 2 B
FEEH DY E DA THYE L GE I KIERIEEO B L3RR
Sh, ZEREOEEDEEMEIRENT, £, RV
A—-X—DFHDHEHNGEIE, 55 bIEENIK
MBI L 2D Z 25, HRFHEE EEREEIT
BEWCHET 2MHE RO WA, BT ARRICEVTE)
YERETER T2 2 L OB R E N7z,

R 2 2BMHOYEOATEE LBARUHEL Y a—&—%
HHDAHWESED GPT3.5 12 & % Sl 8

CIt DOt CUt TUt Ct
Video-ChatGPT 241 259 3.00 2.07 2.19
Act-ChatGPT (w/o Stagel) 2.08 2.41 2.78 201 1.98
Act-ChatGPT (w/o Image) 2.04 2.34 2.79 1.84 1.98
Act-ChatGPT (w/o Action) 2.26 2.48 2.92 2.19 2.00
Act-ChatGPT 2.57 2.69 3.17 2.24 2.32

5. ¥

AR TIEE T4 DK XEICE Fh 2 R 2 15
L7z Video-LLM T» % Act-ChatGPT %% L7z, Act-
ChatGPT CTREMERBET N ZBIMOHEHE LY a— X —
CLTEAL, 747X 2 OEfERBE % RKFHE
SHEETILDANIEIMTRZ 2D, EFHICEaENn3
FELBRLUIICEOEREFBH L TW5, ZHUuckD, 1
LFED Act-ChatGPT 13R— R TH % Video-ChatGPT
CHEL LT, BB OYMRITN T 2 EEEE S A L &
R TRAMERDHE TORMS LE L 72,
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