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Encoder-decoderwith atrous separable convolution for semantic image segmentation. In Proc. of European Conference on Computer Vision, 201
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EitHh oY) —EDHEFTERE (keal) & FAXRTERZE (%)

(kcal) (%)
( ET%ZC’ ;AM 45.0 7.3% 99.2% 100%
N 44.2 6.9% 96.1% 100%
ETILC
T T L) 74.8 14.6% 80.7% 96.6%
o —
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R’REFE SEAN0—8
421 11.5 457.6 123.3 130
iR 12.1 50.9 209.4 250
B/ 10.8 7.5 190.3 220
J)—oH9354 11.9 33.0 68.9 50
BoOo—RWEE 12.2 2.5 74.4 240
LRI R —7 10.3 59.9 147.6 159
HIMA 9.6 0.5 45.5 50




