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Please generate image based on the following caption: Envision the central object rotated by
{yaw:.0f}° to the right, {pitch:.0f}° upward, and {roll:.0f}° clockwise; describe its overall
appearance —including shape, color, and texture— and specify any objects or features that

would be absent, hidden, or not included from this vi 7
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The plush toy in the image is currently oriented upright with its front facing forward. If we rotate it
0° tothe right, 0° upward, and 90° clockwise, the toy will appear as if it has been turned to
 fuce its left side. Here's a description of its appearance from this new perspective: - **Shape:** The
plush toy maintains its overall rounded, soft, and cuddly shape typical of stuffed toys. - **Color:**

Envision the central object rotated by 0°  to the right, 0°
upward, and 90° clockwise; describe its overall
appearance —including shape, color, and texture— and specify
any objects or features that would be absent, hidden, or not
included from this viewpoint.

-
BLIP3-
R

The primary colors remain pink and white, with accents of purple on the eyes and some decorative
elements like flowers and hearts. - **Texture:** The texture appears soft and plush, consistent with
the material typically used for such toys. - **Features Absent, Hidden, or Not Included:** - The
 front-facing features (like the face, eyes, and mouth) will no longer be visible. - The back of the tay,
including any details or patterns on the back, will be hidden from view. - The arms and legs, which
are positioned outward in the current orientation, will now be positioned closer together and may
appear more compact due to the rotation. In summary, the plush toy will look like a side profile
with its left side facing forward, showing less of its front features and more of its side profile.
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