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Generic Object Recognition by the Methods for Specific Object

Recognition Using a Large Number of Images
Mizuki AKIYAMA! and Keiji YANATf

1 Department of Informatics, Graduate Scholl of Informatics and Engneering, The University of

Electro-Communications Chofugaoka 1-5—1, Chofu-shi, Tokyo, 182—-8585 Japan

Abstract Generic object recognition is category-level object recognition, while specific object recognition is in-
stance-level object recognition. Although their objectives are different, instance-level recognition possibly becomes
category-level recognition, if we can prepare a large number of instances that belong to certain categories. Then, in
this paper, we examine if generic object recognition is possible by using specific object recognition methods with a
large number of sample images. In the experiments, we used two kinds of the common methods for specific object
recognition. One is matching SIFT features, and the other is matching visual words. For a five-category dataset
we built by ourselves which consists one hundred and forty tthousand images, we obtained 60.1% for classification
rate with SIFT feature matching. This result is almost equivalent to the result by the generic object recognition

method which employs standard bag-of-features and SVM.

Key words general object recognition, specific object recognition, SIFT, approximate nearest neighbor
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