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Web Image Classification with Bag-of-Keypoints

TA1CcHI JoUuTOUt and KEIJI YANATIt

Recently, need for generic image recognition is getting larger due to the explosive increase of
digital images. Then, we have performed classification expreiments for general images gath-
ered from Web employing the bag-of-keypoints method proposed by G.Csurka et al. In the
experiments, we have obtained the 51.1% classification rate for 100 object classes.
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