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The Current State and Future Directions on Generic Object Recognition
KEWI YANAI

Department of Computer Science, The University of Electro-Communications

“Generic object recognition” aims at enabling a computer to recognize objects in images
with their category names, which is one of ultimate goals of computer vision research. Al-
though human can recognize ten thousands of kinds of objects, it is extremely difficult for a
computer to recognize just one kind of objects. For these several years, due to proposal of
novel representation of visual models, progress of machine learning methods, and speeding-up
of computers, research on generic object recognition has progressed greatly. According to the
best result, the 66.23% precision for 101-class recognition has been obtained so far. In this
paper, we describe the current state and future directions on generic object recognition.
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